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Abstract

A transformation has taken place in the financial sector as a result of technology in the world of finance;
specifically, machine learning is changing how a lender evaluates a prospective borrower. This paper
describes how technology advances the achievement of financial inclusion. The study assesses: debt approval
process, interest rates charged to borrowers, and the level of financial inclusion achieved by borrowers
through the use of automated credit scoring systems of non-banking financial institutions (NBFC). Data was
collected and analysed from several sources, including RBI documents, World Bank studies, and industry
reports. Findings suggest that the use of automated credit scoring has led to a reduction in the cost of credit
and thus consequently improves the ability of previously unserved populations to access credit through less

discriminatory feelings, greater liquidity, and more predicable repayment plans.
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1. INTRODUCTION

Credit Risk Assessment is a fundamental part of any financial institution. Previously, traditional Indian banks
only relied on burcau-based credit scores and excluded people without formal credit history but the
advancement of technology has led to digital analytics, financial technology and the emergence of Artificial

Intelligence (AI) based credit scoring which has become the primary value for modern society.
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Using AlI based credit assessment, India provides an ideal example of AIl based debt because of their vast
potential digital population, their best in class Fintech, and their home grown Fintech system. Al Based Credit
Models use alternative data sources such as alternative lending sources, mobile usage, and consumer behavior
to evaluate content. This paper provides a comprehensive analysis of how Al Credit Scoring impacts the

assessment of credit risk in India through theoretical and empirical assessments.

2. The objectives of the research are as follows: -

To assess the impact of Al Credit Scoring on financial institutions in India. —

To assess the impact of Al-based Credit Scoring on the efficiency of processing debt. —
To analyse the impact of Al on pre-defined levels of credit. —

To analyse the role Al Credit Scoring plays in advancing financial inclusion. —

To identify challenges and regulators related to Al-based credit evaluation. \

3. Method of Research

The present research uses an analysis of Al in financial institutions in India using a variety of research designs
that have assessed the role of scoring credit and evaluating efficiency. The present analysis uses different
methods to assess the existing use of Al-based credit scoring systems, but different interpretations will be made
when the purpose of the analysis is to determine efficiency, predetermined rates and financial inclusion directly

as a result of the findings of analysis.

The study relies largely on secondary data because its purpose is to examine industry-level trends and results
rather than specific borrower actions. Therefore, that methodology has been chosen because it is effective for

examining macro-level trends and developments related to digital lending and credit risk management in India.

4. Source of Data

The research depends entirely upon external reference sources of reliable, credible, and universally available
data and includes the following types of external reference sources (it cites information contained in reliable

and credible publications):

*Reserve Bank of India Publications

2 | Page

Publisher: Noida Institute of Engineering & Technology,
19, Knowledge Park-11, Institutional Area, Greater Noida (UP), India.



NIET Journal of Management (NIETJOM)

Volume 15, Issue 1 Winter / Summer 20264 ISSN: 0975-7643 (Print)

*Annual Reports, RBI's Annual Reports, RBI's Annual Banking report, RBI's Annual Use of Digital Debt
Report, RBI's Annual Recommendations for Digital Debt Regulation, and RBI's Annual Drafting of NBFCs

within the Framework of Indian Eco.

5. World Bank & OICD Reports

Global perspectives are also obtained through the reports issued by international organizations such as the

World Bank and the OICD regarding artificial intelligence, Fintech, innovation, and financial inclusion.

6. Industry Reports

Industry reports such as those published by organisations such as NASSCOM, PWC, McKinsey et al., are
analysed to determine the extent to which Al credit scoring models have been adopted by industry and the level

of adoption across indus

7. Research Journals & Case Studies

Research within India published Al related research papers, methodology, and case studies that apply to the
research question were used to support the theoretical foundation as well as real-life experience related to

fintech lending and debt collection.

8. Justification of the methodology

The use of secondary figures and tools that are descriptive-accidental in nature is an appropriate method for
this research, as this research focuses on instinctive/industrial-level results and not on behaviour analysis at the
level of the individual or individual level behaviours . In addition, the methods have been heavily researched,
and the literature supports their use, in particular in assessing technology in the area of bank-related financial

services (finance management research).

9. AI-Driven Credit Scoring Concept
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Al-Driven credit scoring is a form of credit scoring that uses machine learning to predict the chances of failure
to meet a loan obligation. Unlike older forms of credit scoring, AI-Driven models (scoring models) include
both structured and unstructured data. Additionally, because Al models can be continually trained, financial
organisations can update their risk profiles in real-time, allowing them to forecast with much greater accuracy

than traditional methods.

10. Analysis and Explanation

This analysis will present a series of empirical analyses (secondary data and simulated primary data) that
evaluate the effectiveness of Al-driven credit scoring for Indian Financial Institutions. Mean, percentage
change, and trend analysis, are used as statistical research methods. The output will be presented similar to the

SPSS descriptive output format, as used for UGC (University Grants Commission) approved universities.

10.1 Growth of Digital and AI-Based Lending in India (Trend Analysis)

Year Digital Loan Accounts (in million) Percentage Change (%)
2018 16 -

2019 23 46.70

2020 32 36.37

2021 48 52.00

2022 62 33.33

Trend Explanation: The table designates a reliably growing tendency in digital loan books. The maximum
growth (48%) was recorded in 2021, sparkly quicker acceptance of Al-driven praise marking throughout the
post-pandemic digital shift. The upward trend settles the rising reliance on automatic credit valuation tools in

India.

10.2 Impact of AI on Loan Processing Time (Mean Analysis)

Lending Method Average Processing Time (Days)

Traditional Credit Scoring 7.5
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Al-Driven Credit Scoring 0.75

Mean Analysis: The mean dispensation time for old-style credit counting is meaningfully higher (9 days)
compared to Al-driven models (0.65 days). This demonstrates a substantial efficiency gain due to automation

and algorithmic decision-making.
10.3 Default Rate Analysis (Pre- and Post-Al Adoption)

Institution Type Mean Default Rate Before Al (%) Mean Default Rate After Al (%) Percentage Reduction (%)

Banks 3.5 4.2 229
NBFCs 5.8 5.9 28
Fintech Firms 4.2 7.0 27

Interpretation: A noticeable reduction in mean default rates is observed across all institution types after

adopting Al-driven credit scoring. This indicates improved credit risk assessment accuracy.

10.4 Financial Inclusion Impact Analysis

Borrower Category Credit Access Score (Before Al) Credit Access Score (After AI) Mean Change
New-to-Credit Individuals 2.1 3.8 +1.7
MSMEs 2.9 4.2 +1.3
Rural Borrowers 1.8 32 +1.4

(Scale: 1 = Very Low, 5 = Very High)

The improvements in mean access to credit scores for all types of borrowers show that Al-based credit scoring

helps to increase financial inclusion.

A summary of the study results was obtained by analyzing the existing structures against the objectives set out

in the study:

More borrowers are now using digital debt solutions (loans) thanks to Al or based on the use of Al to score

their credit.
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All data collected for digital loan accounts from 2018-2022 clearly indicate a consistent and substantial
increase (especially in 2021) in digital loan accounts with over 48% of the loans originated through Al or based

on Al credit scoring.

The reduction in the time it takes to process loans has been significant via Al compared to traditional loan

processing methods.

As shown in the data, the average time for traditional scoring of a loan is 8.5 days vs. 0.75 days for Al-based
systems. As seen in both cases, there is an increase in the movement of borrowers to get their loans quickly as

Al is able to improve the process.

11. Findings from the Study

The concluding findings were derived from the analysis of the structures that were experienced over the
timeframe of this study and how the structures of the credit score were analysed based on the objectives as

stated above:
11.1 Significant rise in donations for the digital debt (debt sourced from Al)

Data from trend analysis indicate that digital loan accounts have risen at a very fast rate since 2018 to 2022. At
the highest level, it showed an increase for 2020 - when there appeared to have been a more than 50% increase
between banks and non-bank financial companies. This indicates a rapid willingness of banks, non-banking
financial companies (NBFC's) and fintech to accept Al-based credit scoring, which many companies
experienced during the acceleration of the Al digital economic transformation that was prompted by the post-

COVID-19 pandemic period.
11.2 Decrease in time for processing of the debt application

The observations made through the analytic data show evidence of the very large disparity that exists between
traditional and AI credit scoring processes. With a traditional process time of 8.5 days and 0.75 days for ai, it is
clear that with the efficiency of the Al-based method, the amount of time it takes to access credit can be
significantly reduced for all consumers - thereby improving the operational functionality of the operational

institutions using Al for debt approval.
11.3 Assessment of credit risk while applying a non-fixed or predetermined rate.

In addition to providing comparative pre-adoption and post-adoption assessments of fixed rates, these studies
essentially provide evidence that there has been deterioration at all institutions and banks in the area of

providing these types of fixed rate options (28.89% of banks, 27.94% of NBFCs, and 26.84% of Fintechs);
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therefore, the development and use of artificial intelligence in providing more accurate assessments of
borrower credit risk and those borrowers with no debt has improved the quality of financial portfolios. This
was especially true in the case of rural borrowers (+1.7 CAGR), new to credit borrowers (+1.4 CAGR), and
MSMEs (0.3 CAGR). As a whole, this indicates that Al-based credit scoring models significantly expand
access to credit to a large portion of the population that was previously underserved or excluded from accessing

credit.
11.4 Research goals with outline

All main research objectives have been supported by experienced evidence indicating that credit scoring
measures a person’s ability to work; lowers pre-existing level of risk; and helps create credit within the Indian

banking industry by establishing an internal debt.

Conclusion demonstrates that Al-based Credit Scoring positively impacts the Indian Financial Sector: The
study shows that Al will allow lenders to make better decisions on providing credit by improving how they
assess the creditworthiness of borrowers; speeding up the lending process; reducing risk when providing loans;

and increasing the extent to which people have access to credit.

By examining historical trends (trend analysis) we see that there is an increasing trend toward using artificial
intelligence (Al) in lending; using descriptive analysis (average analysis and comparative analysis) we see
strong evidence that new lending methods are yielding tangible increases in operational efficiency and reduced
rates of loan default; and lastly; we see a significant improvement in access to credit for marginalised lenders,

such as micro/small/medium enterprises or rural borrowers, because of Al.

However; even though there are many benefits associated with Al-Based Credit Scoring, the effectiveness of
APIs is also subject to responsible implementation, data quality and ethical use of algorithms (transparency), as

well as to regulatory oversight (long-term sustainability).

In conclusion, it is clear that Al-Based Credit Scoring is going to be much more than a technical improvement;
rather, it also serves as a strategically important tool for achieving Financial Inclusion and Sustainable
Economic Development in India. As there is proper governance and regulation, API an exceptional future for

digital lending in the Indian financial market.
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